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Robustness Designing of CNN Template for Image Foreground Decreasing

ZHU Shugin *, BAN Chaolei b

(a. School of Computer Science; b. School of Materials Science and Technology, Liaocheng University, Liaocheng 252059, China)

Abstract: In this paper, a kind of CNN template is developed to decrease the objects in the images and the robustness of

this template is also studied. The results show that the CNN can perform the function of decreasing the objects in the images,

giving the template parameters meeting equation of the proposed theorems. The validity of theoretical results in computer image

processing applications is confirmed through experimental simulation.

Keywords: Cellular Neural Network; image foreground(objects) decreasing; robustness; experiment simulation



